Inductive Logic Programming (ILP) emerged as a new discipline in the early 1990's, with the goal of automatically learning Prolog programs from relational examples. Along the years, the ILP community developed a body of theoretical results and algorithmic strategies for exploring relational data, essentially but not exclusively from a supervised learning viewpoint.
Going one step further, the present paper proposes a specific reformulation of thetasubsumption as a binary CS problem, which is solved using state-of-the-art CS procedures. This set of procedures, incorporated in the Django system, significantly improves on previous algorithms in all regions of the search space, including the phase transition region. Furthermore, a control layer termed Meta-Django, achieves the automatic selection of the best CS procedures depending on the characteristics of the problem at hand.
The paper of Lisi and Malerba explores yet another fruitful cross-fertilization area for ILP, namely Description Logics. The authors present the Spada system, concerned with finding multi-level association rules in the AL-Log language.
AL-Log, a hybrid Description Logics and Datalog language, allows for an efficient representation and exploitation of domain hierarchies a la Description Logics. Furthermore, it inherits the Datalog capabilities of handling variables, enabling one to find complex relations between objects.
In the Spada system, the DL hierarchies are exploited for a priori restricting the search space for frequent queries, using structural constraints derived from the domain hierarchy. This makes it possible to efficiently address domain applications with substantial hierarchical background knowledge.
The impact of this work is demonstrated on a real-world application, concerned with learning from a large geo-referenced census database. Indeed, geographical domains are endowed with a rich glossary, which can and must be efficiently exploited to provide the expert with compact and easily interpretable rules.
These three papers fully demonstrate the liveliness of the ILP field and its openness to neighbour research communities. The evolution of the field, initiated to address the Multi-Relational Data Mining challenges, was amply confirmed in further international conferences and workshops, related to Inductive Logic Programming, Machine Learning and Knowledge Discovery from Databases.
To conclude, we thank all researchers who submitted their papers to this special issue, all referees whose hard work and suggestions helped to improve the presented contributions, and Rob Holte and Stan Matwin for their support in editing this special issue.
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